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Abstract

News reports important daily events. Implicit information hidesin huge collection of news articles.
Text data mining technology aims at discovering knowledge hidden in large collection of texts. How-
ever, current reported research focus on English texts and keywords are given manually. This paper
studied text data mining in Chinese news articles. Utilizing the special structure of news articles,
exiging keywords and new keywords, representing the content of a news article, are automatically
extracted using hybrid segmentation technique. Then, the mining process guided by domain knowledge
proceeds. We proposed three types of extended association rules; new keywords association rules,
association rules of structured data and high frequency keywords, and association rules of structured
data and homogeneous keywords. Further, linear regression technique and Chi-sguare test technique
are used to anayzing the reporting trend of keywords and the distribution of important concepts.
Experiments are conducted to verify the feasibility of the proposed architecture.
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